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Founders: Get Smart About Ai Without Becoming an Engineer  
 
A practical, step-by-step plan for a founder to learn enough about AI to make 
smart decisions (tools, output analysis, continuous learning, and company 
policy)  
How can you adopt AI into your organization in a way that is time and money-saving and 
efficient? Furthermore, founders, you need to be educated enough to earn the trust of your 
team for the decisions you make. I broke this process into phases (learn → pilot → govern → 
scale) with concrete actions, checklists, and resource pointers and a few authoritative resources 
you can refer to as you build this capability.  

  

Quick summary (what success looks like)  
A founder who finishes this plan will be able to:  

• Identify 3–5 high-value, low-risk AI use cases for their business.  
• Evaluate vendors and models against a simple risk + value rubric.  
• Spot common failure modes (hallucinations, bias, drift) and set up basic monitoring & 

human oversight.  
• Stand up a short, practical company AI policy and governance routine (cross-functional 

owners + incident reporting).  
• Keep learning with a defined curriculum and internal “AI champions.”  

(Foundational frameworks to lean on: NIST AI Risk Management Framework; executive 
learning & governance best practices.) NIST Publications+1  

  

Phase 0 — Mindset & goals (before you dive)  
1. Treat AI as a strategic capability, not a single product. Make clear the outcomes you 

want (efficiency, new product features, better decisions, customer experience). Align AI 
goals with business goals. Harvard Business Review  

2. Expect active regulation and evolving standards — watch the EU AI Act and major 
local/state developments (regulatory landscape is moving fast). Plan for compliance & 
transparency. European Commission+1  
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Phase 1 — Quick foundation (non-technical but rigorous)  
Actions (do these first so you can make informed vendor & hiring choices):  

• Take one non-technical, executive course to understand capabilities/limits  
(recommend: AI for Everyone / deeplearning.ai). It gives the right mental model for 
what AI actually does and doesn’t do. DeepLearning.ai  

• Read books on AI. I suggest: The Savvy    and Co-Intelligence  and Superagency     
• Read 1–2 short, business-focused pieces on AI leadership and governance so you can 

speak credibly in board / investor conversations. HBR and similar outlets are helpful. 
Harvard Business Impact+1   

• Create a one-page AI inventory for your company: data sources, sensitive data, 
existing automation, metrics you care about (time saved, accuracy, churn reduction).  

  

Phase 2 — Map use cases and prioritize  
Goal: pick 1–3 pilot use cases that deliver value but are manageable to monitor. 
Checklist to evaluate a use case:  

• Value: measurable KPIs (time, revenue, retention).  
• Data readiness: is there enough labeled/clean data? Is data sensitive?  
• Risk: customer safety, legal exposure, brand risk, privacy concerns.  
• Feasibility: engineering effort, vendor integration complexity.  

Score and rank use cases, and choose a pilot with high value & low-to-medium risk.  

  

Phase 3 — Learn enough about models & tools to evaluate them  
You don’t need to become an ML engineer, but you must understand these vendor/model 
attributes and ask vendors for them:  

Vendor / tool checklist  

• Model type & capabilities: Is it LLM, retrieval-augmented (RAG), fine-tunable? (RAG 
helps factual accuracy for document tasks.) Hugging Face  

• Training data provenance: what data was used (high-level), any known inclusion of 
proprietary/private data?  
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• Security & compliance: data residency, encryption, access controls, SOC 2, HIPAA 
statements if relevant.  

• Customization options: does the vendor allow fine-tuning, embeddings, or only prompt 
engineering?  

• Costs & SLA: inference pricing, throttling, uptime guarantees.  
• Monitoring & logging: does the product provide logs, provenance, and output 

attribution?  
• Red-team / audit history: have they done adversarial testing or third-party audits?  

For governance and vendor selection frameworks, lean on well-known AI governance guidance 
and best-practice checklists while you build your own matrix. bsa.org+1  

  

Phase 4 — How to analyze and validate AI output (practical checklist)  
When you get a model’s output, use a repeatable validation routine:  

1. Define the success criteria for the task (exact match? top-k candidate? style/format?).  
2. Ground truth tests: keep a small, curated test suite of real examples + edge cases 

(golden set). Use this to measure accuracy, precision, recall or business KPIs.  
3. Source attribution / provenance: prefer RAG (retrieve relevant documents) or models 

that cite sources. If the model invents facts, flag immediately. (Hallucination detection is 
an active area of research.) Hugging Face+1  

4. Confidence & calibration: don’t trust raw model “confidence” blindly. Where possible, 
surface uncertainty and require human review for low-confidence/high-harm outputs.  

5. Multi-prompt / ensemble checks: ask the model the same question in different ways 
and compare. For critical outputs, run multiple models or add rule-based checks.  

6. Human-in-the-loop: route sensitive outputs to a human reviewer and log decisions for 
audit.  

7. Record failure modes: track common errors (hallucinations, wrong dates, hallucinated 
sources, biased language) and add tests to the golden set. Hugging Face and community 
benchmarks are good references on hallucination behaviors. Hugging Face+1  
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Phase 5 — Run a controlled pilot (how to measure success)  
Pilot design:  

• Small scope (single team or workflow).  
• Define metrics: functional (accuracy/error rate), operational (latency, cost), user 

(satisfaction, time saved), and safety (incidents).  
• Duration: run until you get stable metrics and a clear go/no-go decision.  
• Red-team: run adversarial tests — try to make the model fail, expose bias, or leak data.  

Ask the vendor to share red-team results or do your own. NIST Publications  

 

Phase 6 — Governance & company AI policy (practical, not academic)  
Use a risk-based governance framework (NIST AI RMF is a practical starting place) and adapt it 
to your size. Key elements to include:  

Minimum AI policy contents  

• Scope & purpose: what the policy covers (internal tools, customer-facing features). NIST 
Publications  

• Acceptable use rules: what employees may / may not do with AI tools (e.g., no 
uploading PII to public models unless allowed).  

• Data handling & retention: who may use which datasets and where they can be 
stored.  

• Vendor risk & procurement rules: required security/compliance evidence, SLA, audit 
rights.  

• Human oversight & escalation: when outputs must be human-reviewed and how 
incidents are reported.  

• Change management: versioning, release sign-offs, and rollback procedures.  
• Training & onboarding: role-based training for staff.  

Starter templates exist (open samples on GitHub and vendor templates). Use them to speed 
launch and then tailor to your context. GitHub+1  

Also: set up a cross-functional AI governance group (product, engineering, legal/compliance, 
security, HR, and a senior sponsor). HBR recommends distributed leadership — don’t make AI a 
single person’s job. Harvard Business Review   
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Phase 7 — Production readiness & monitoring (MLOps basics)  
Before full roll-out:  

• Version models & data. Keep an immutable record of model versions and training data 
snapshots.  

• Logging & observability: log inputs, outputs, timestamps, and the decision path 
(which retrieval docs, prompts, etc.).  

• Monitor for drift: set automated alerts for data drift, prediction distribution shifts, 
latency spikes, and business KPI degradation. Retrain or roll back if needed. Google 
Cloud+1  

• Privacy & security checks: run PII/exfiltration tests and threat models.  
• Incident response: create an AI incident playbook (how to triage, communicate, 

remediate).  
Practical monitoring sources & tools exist (Google MLOps guidance, Datadog/Evidently/other 
monitoring tools); adopt whichever integrates with your stack. Google Cloud+1  

  

Phase 8 — Continuous learning — the founder & the org  
Founder’s learning ladder (ongoing):  

1. Non-technical refresher: short executive courses and HBRly thinking (periodic). 
DeepLearning.ai+1  

2. Technical literacy (optional): a lightweight ML/embedding/LLM primer (e.g., Andrew  
Ng’s ML courses) so you can read model results and talk to engineers. DeepLearning.ai  

3. Hands-on practice: use a playground (safe sandbox) to experiment with prompts, RAG, 
and fine-tuning (with sanitized data).  

4. Internal curriculum: run monthly lunch-and-learn sessions and a “prompts & policy” 
handbook for employees.  

5. AI champions: identify 1–2 people per team who keep skills current, run internal 
experiments, and maintain the test suites.  
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Phase 9 — Legal, regulatory & external best practices watchlist  
• Monitor EU AI Act and major local regulations; adapt high-risk controls if you operate in 

or serve EU customers. European Commission  
• Watch for state / national rules (e.g., recent California developments on AI 

transparency) and update vendor contract language & disclosure practices accordingly. 
Reuters  

  

Phase 10 — One-page checklist you can use right now  
(Use this as a quick decision tool for any new AI project)  

• Business outcome defined (metric/KPI)  
• Data readiness check passed (quality & sensitivity)  
• Vendor/model checklist completed (security, provenance, cost)  
• Golden test set exists & automated tests created  
• Human review rules & escalation defined  
• Monitoring & drift alerts configured  
• Policy owner & cross-functional sponsor assigned  

 
 

Quick resource links (to follow up)  
• NIST AI Risk Management Framework (AI RMF) — official & practical governance 

framework. NIST Publications  
• AI for Everyone (deeplearning.ai) — non-technical course for leaders. DeepLearning.ai  
• HBR articles on AI leadership & governance — practical leadership advice. Harvard 

Business Review+1  
• Hugging Face work on hallucinations & detectors — practical research & benchmarks. 

Hugging Face+1  
• Google MLOps guidance (monitoring, CI/CD for models) — for production readiness. 

Google Cloud+1  

  

 


